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#0-7 A% (D0-D7) OKRTHMT 4 L7+ VA B

HERT 1 L7 M) OfEE
setwd ("C:/Users/xxxx/Desktop/xxxx/xxxx")
getwd ()

BT VH BT F LA RSNy r— DA A k=L (“randomForest”)
install. packages (“randomForest”)

$TU L BT H VA RTATF YDA A b=/ ("randonforest”)
library (“randomForest”)

#EHMT— 4 (Data. csv) DA
Tablel<-read. csv("C:/Users/xxxx/Desktop/xxxx/xxxx/Data. csv”)

HEEM T — 5 SO R
head (Tablel)

#7—4 7 L— AW DB OHE

ListD0<—c ("WT0”, “WTb1”, “WTb2”, “WTb3”, “THO", “TLO")

ListD1<—c ("WT1”, “WTb1”, “WTb2”, “WTb3”, “THO”, “TH1”, “TLO", "TL1")

ListD2<=c ("WT2”, “WTb1”, “WTb2”, “WIb3”, “THO”, “TH1”, “TH2”, “TLO", “TL1", “TL2")

ListD3<~c ("WT3”, “WTb1”, “WIb2”, “WTb3”, “THO”, “TH1”, “TH2”, "TH3”, “TLO”, “TL1”, “TL2", "TL3")

ListD4<—c ("WT4”, “WTb1”, “WTb2", “WTb3”, “THO”, “TH1”, “TH2", “TH3", “TH4”, “TLO", “TL1", "TL2", "TL:
ListD5<~c ("WT5”, “WTb1”, “WTb2", “WTb3”, “THO”, “TH1”, “TH2", “TH3", “TH4”, “TH5", “TL0", “TL1", "TL!
ListD6<—c ("WT6”, “WTb1”, “WTb2”, “WTb3”, “THO”, “TH1”, “TH2", “TH3", “TH4”, “TH5", “TH6", “TLO", "TL1”, “TL2", "TL3", "TL4", "TL5
ListD7<=c ("WT7”, “WTb1”, “WTb2", “WTb3”, “THO”, “TH1”, “TH2", “TH3", “TH4”, “TH5", “TH6", “TH7", " TL

#F— 5 7 L—hDIER

TableD0<-Tablel[, ListD0]
TableD1<-Tablel[, ListD1]
TableD2¢-Tablel[, ListD2]
TableD3<-Tablel[, ListD3]
TableD4<-Tablel[, ListD4]
TableD5¢-Tablel[, ListD5]
TableD6<-Tablel[, ListD6]
TableD7<¢-Tablel[, ListD7]

#7—HBIOHeR.
head (TableD0)
head (TableD1)
head (TableD2)
head (TableD3)
head (TableD4)
head (TableD5)
head (TableD6)
head (TableD7)

HELEORIE
set. seed (1)

#T VS BT LA NEFT

modeD0<-randomForest (Formula=WT0 WTb1+WTb2+WTh3+THO+TLO, data=TableD0)
modeD1<-randomForest (formula=WT1 WTb1+WTb2+WTh3+THO+THI+TLO+TL1, data=TableD1)
modeD2<-randomForest (Formula=NT2 WTb1+WTb2+WTh3+THO+TH1+TH2+TLO+TL1+TL2, data=TableD2)

37, "TLA")
27, ”TL3", “TL4", "TL5")

07, ”TL1”, “TL2", "TL3", "TL:

modeD3<-randomForest (formula=NT3 WTb1+WTb2+WTb3+THO+TH1+TH2+TH3+TLO+TL1+TL2+TL3, data=TableD3)
modeD4<-randomForest (formula=WT4 WTb1+WTb2+WTb3+THO+TH1+TH2+TH3+TH4+TLO+TL1+TL2+TL3+TL4, data=TableD4)
modeD5<-randomForest (formula=WT5 WTb1+WTb2+WTb3+THO+TH1+TH2+TH3+TH4+TH5+TLO+TL1+TL2+TL3+TL4+TL5, data=TableD5)

modeD6<-randomForest (formula=NT6 WTb1+WTb2+WTb3+THO+TH1+TH2+TH3+TH4+TH5+THE+TLO+TL1+TL2+TL3+TLA+TL5+TL6, data=TableD6)
modeD7<-randomForest (formula=NT7 WTb1+WTb2+WTb3+THO+TH1+TH2+TH3+TH4+TH5+TH6+THT +TLO+TL14TL2+TL3+TLA+TL5+TL6+TL7, data=TableD7)

HE T DFR
modeDO
modeD1
modeD2
modeD3
modeD4
modeD5
modeD6
modeD7

BMSE (b —FeE) DR
plot (modeD0)
plot (modeD1)
plot (modeD2)
plot (modeD3)
plot (modeD4)
plot (modeD5)
plot (modeD6)
plot (modeD7)

HMSE (/N 3iaE) Al & 72 B TV OURIE
which. min(modeD0$mse)
which. min(modeD1$mse)
which. min(modeD2$mse)
which. min(modeD3$mse)
which. min(modeD4$mse)
which. min(modeD5$mse)
which. min(modeD6Smse)
which. min(modeD7$mse)

T T L OPIE

sqrt (modeDO$Smse [which. min (modeDOSmse) 1)
sqrt (modeD1$mse[which. min (modeD1$mse) 1)
sqrt (modeD2$mse [which. min (modeD2$mse) 1)
sqrt (modeD3$mse [which. min (modeD3$mse) 1)
sqrt (modeD4$mse [which. min (modeD4$mse) ])
sqrt (modeD5$mse [which. min (modeD5$mse) 1)
sqrt (modeD6$mse [which. min (modeD6$mse) 1)
sqrt (modeD7$mse [which. min (modeD7$mse) 1)

HEHBERBRI LSO
varImpPlot (modeD0)
varImpPlot (modeD1)
varImpPlot (modeD2)
varImpPlot (modeD3)
varImpPlot (modeD4)
varImpPlot (modeD5)
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varImpPlot (modeD6)
varImpPlot (modeD7)

#Fa—=27

modeDO_tuned <- tuneRF (x=TableDO[, ~1], y=Tab1eDO$SWTO, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #idon’ t show real-time

modeD1_tuned <- tuneRF (x=TableD1[, -1], y=TableD1$WT1, ntreeTry=500, mtryStart=2, stepFactor=L. 5, improve

. 01, trace=FALSE #don’ t show real-time

modeD2_tuned <~ tuneRF (x=TableD2[, -1], y=TableD2$WT2, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #don’ t show real-time
modeD3_tuned <~ tuneRF (x=TableD3[, -1], y=TableD3$WT3, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #don’ t show real-time
modeD4_tuned <~ tuneRF (x=TableD4[, -1], y=TableD4$WT4, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #don’ t show real-time
modeD5_tuned <~ tuneRF (x=TableD5[, -1], y=TableD5$WT5, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #don’ t show real-time
modeD6_tuned <- tuneRF (x=TableD6[, -1], y=TableD6SWT6, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #don’ t show real-time
modeD7_tuned <~ tuneRF (x=TableD7[, -1], y=TableD7$WT7, ntreeTry=500, mtryStart=2, stepFactor=1. 5, improve=0. 01, trace=FALSE #don’ t show real-time

EPRAT—4 (New. csv) DFEIFAT:
ENTb1-3:1-3 H §ii OB FE I K
HTHO-T7 : 0-7 H #% E T H s Ul
HTLO-7:0-T H % % T H AR5
Table2<{-read. csv ("C:/Users/xxxx /Desktop/xxxx/xxxx/New. csv”)
WTb1<-Table2$WTb1
WTb2<-Table2$WTh2
WTb3<-Table2$WTb3
THO<-Table2$THO

TH1<-Table2$TH1

TH2<-Table2$TH2

TH3<-Table2$TH3

TH4<-Table2$TH4

TH5<~-Table2$TH5

TH6<-Table2$TH6

TH7<-Table2§THT

TLO<-Table2$TLO

TL1<-Table2$TL1

TL2<-Table2$TL2

TL3<-Table2$TL3

TL4<-Table2$TL4

TL5<-Table2$TL5

TL6<-Table2$TL6

TL7<~-Table2$TL7

HFHAT —4 7 L— LDOERL

new0<-data. frame (WTb1, WTb2, WTb3, THO, TLO)

newl<-data. frame (WTb1, WTb2, WTb3, THO, TH, TLO, TL1)

new2<-data. frame (WTb1, WTb2, WTb3, THO, TH1, THZ, TLO, TL1, TL2)

new3<-data. frame (WTb1, WTb2, WTb3, THO, TH1, THZ, TH3, TLO, TL1, TL2, TL3)
newd<-data. frame (WTb1, WTb2, WTb3, THO, TH1, THZ, TH3, TH4, TLO, TL1, TL2, TL3, TL4)
new5<-data. frame (WTb1, WTb2, WTb3, THO, TH1, THZ, TH3, TH4, TH5, TLO, TL1, TL2, TL3,
new6<-data. frame (WTb1, WTb2, WTb3, THO, TH1, THZ, TH3, TH4, TH5, TH6, TLO, TL1, TL2,
new7<-data. frame (WTb1, WTb2, WTb3, THO, TH1, THZ, TH3, TH4, TH5, TH6, TH7, TLO, TL1,

#24 FKIR (WT0) o Tl
predict (modeD0, newdata=new0)
DO<-predict (modeD0, newdata=new0)

#1 HEKIE (W) ©F#)
predict (modeD1, newdata=newl)
DI<-predict (modeD1, newdata=newl)

#2 A%AKIR (W12) o T#l
predict (nodeD2, newdata=new2)
D2<-predict (modeD2, newdata=new2)

#3 AL (WT3) Tl
predict (modeD3, newdata=new3)
D3<-predict (modeD3, newdata=new3)

#4HBAN (WT4) OFH
predict (modeD4, newdata=new4)
D4<-predict (modeD4, newdata=new4)

# HEAKL (W15) OF#l
predict (modeD5, newdata=news)
D5<-predict (modeD5, newdata=new5)

#6 H A (W16) T
predict (modeD6, newdata=new6)
D6<~predict (modeD6, newdata=new6)

BT R (WTT) ol

predict (modeD7, newdata=new?)
D7<-predict (modeD7, newdata=new?)
#ER 5

df<-c (D0, D1, D2, D3, D4, D5, D6, D7)
df

#E R (Export. csv) DA

write. csv(df, file="Export. csv”, row. names=FALSE)

#ET

(=t

TL4, TL5)
TL3, TL4, TL5, TL6)
TL2, TL3, TL4, TL5, TL6, TLT)

R (versiond. 4.2) \ZBIF 53— R

progress)
progress)
progress)
progress)
progress)
progress)
progress)
progress)



